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Organize your database - crawl,
content, metrics

@

.

Understand the data - Categorize you
Inventory

Evaluate performance and assign
thow it typically goes) action items to underperforming content

Implement & Review impact - Prioritize
what and when to implement and repeat




so, we'll go through the same steps
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build better systems
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implement ML APIs
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) automate o

the auditing process -
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ultimately...
to create a better audit, quicker
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Organize your database - crawl,

content, metrics
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Crawling and
scraping content

) SERP Contf.
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normal sites
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sites with > 500K pages
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highly recommended if
you're going route two
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How to build your
own crawler, and
why you should give
itatry

Jess Peck | Local SEO Guide

( ) @jessthebp

(%) slideshare.net/JessPeck2/



https://docs.google.com/presentation/d/1ExHYP2RJo7V3JYIl_uosbxP-Tp__whCUIpTs7gIfMsc/edit?usp=sharing

goals at this stage are pretty simple
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A you need consistent data scraping A you need the elements you select

across your entire website to be accurately pulling data
throughout the entire website

thoroughness useful data breakdown

you need the process to be thorough you need your data to be broken

in pulling all the relevant data you down in a way that will facilitate

need for further analysis better understanding of content
quality later

@ SERP Conf.



Mapping important
performance metrics
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User engagement

Average Session Duration
Sessions

Fngaged Sessions

Bounce rate

F xit rate

Total Users

Active Users

Average engagement time

E ngagement time per session
Engagement rate
Fvent interactions (custom)
Conversions




Traffic sources

e # views/ event count from referral
traffic

e # of views/ event count from
social traffic

e # of views/ event count from
organic traffic

e # of views/ event count from
email traffic
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Google Traffic data

clicks

Impressions

average position

CTR

# queries ranked per page
queries ranked per page
# of pages ranked
# of pages with traffic

Repeat for
discover/news/web/image,
depending on type of content.



we can go a step further
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Internal Links

e # internal links incoming
e # internal links outgoing
e # external links outgoing
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Content readability

Flesch Reading Ease Score
Readability Score

Word Count

Sentence Count

Average words per sentence
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Backlinks

# backlinks

# follow backlinks

# nofollow backlinks
# text links

# referring domains



putting this data together is a matter
of preference
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Most likely Optional but highly recommended for
quick and pretty visualisations

G
. O
@ BigQuery Looker Studio

@lazarinastoy / lazarinastoy.com / mlforseo.com @ SERP Conf.

=2

Google Sheets




LEFT INCLUSIVE

LEFT EXCLUSIVE

FULL OUTER INCLUSIVE
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SQL JOINS

LEFT INCLUSIVE
SELECT [Select List]
FROM TableA A
LEFT OUTER JOIN TableB B
ON A.Key= B.Key

RIGHT INCLUSIVE
SELECT [Select List]
FROM TableA A
RIGHT OUTER JOIN TableB B
ON A.Key= B.Key

LEFT EXCLUSIVE
SELECT [Select List]
FROM TableA A
LEFT OUTER JOIN TableB B
ON A.Key= B.Key
WHERE B.Key IS NULL

RIGHT EXCLUSIVE
SELECT [Select List]
FROM TableA A
LEFT OUTER JOIN TableB B
ON AKey= B.Key
WHERE A.Key IS NULL

RIGHT INCLUSIVE

FULL OUTER INCLUSIVE
SELECT [Select List]
FROM TableA A
FULL OUTER JOIN TableB B
ON A.Key = B.Key

FULL OUTER EXCLUSIVE
SELECT [Select List]
FROM TableA A
FULL OUTER JOIN TableB B
ON A.Key = B.Key

WHERE A.Key IS NULL OR B.Key IS NULL

INNER JOIN

SELECT [Select List]
FROM TableA A
INNER JOIN TableB B
ON A.Key = B.Key

INNER JOIN

RIGHT EXCLUSIVE

FULL OUTER EXCLUSIVE
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Understand the data - Categorize your

Inventory
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in this stage, our aims are
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_;A_ label as much as possible

what works what fails

understand what works/doesn’t understand where the pitfalls are

@ SERP Conf.



let’s start with the basics
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site structure and
authorship

) SERP Conf.



~ 7
Group — Ownersnip
/ 1

Theme Sectlor Sub-sectior URL Owner Last Update Frequency
home Tim Allen Jan'18 -
services Tim Allen Nov'19 Yearly

services creative Tim Allen Nov '19 Yearly
events Tim Allen Nov '19 -

events searchlove londor Tim Allen Noy '19 Q erly
il [rreep— Theme/ Page template ...
events )ve boston Tim Allen
resources Tim Allen Nov '19 -
resources Tim Allen Nov'19 -
resources ege google s Paola Didone Aug '18 Yearly
resources blog google data stud Benjamin Estes Mar '18 Yearly
resources echnical a | Benjamin Estes Sep '18 Yearly
resources Tim Allen Nov'19 -
resources guides nt guide Benjamin Estes Jan '18 Yearly
resources ( Tim Allen Jan '18 Yearly
resources P, Ol Tim Allen Jan '18 Yearly
resources LT of b Tim Allen Jan '18 Yearly
resources yral yolis Tim Allen Jan '18 Yearly
resources 10D 1] B e Tim Allen Jan '18 Yearly
resources xcel foleo Tim Allen Jan '18 Yearly
resources inkbait guide Tim Allen Jan '18 Yearly
resources guides video marketing Tim Allen Jan '18 Yearly
resources ( acebook Tim Allen Jan '18 Yearly
resources distilledt Tim Allen Nov '19 -
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D Theme Section

2.1 services creative

3.1 events searchlove
events searchlove
Vents searchlove

1.1 resources blog
1.2 resources blog
1.3 resources blog
.4 resources blog
resources guides
4.6 resources guides
4 resources guides
.8 resources guides
1.9 resources guides
1.10 resources guides
.11 resources guides
1.12 resources guides
4.13 resources guides
4.14 resources guides
1.15 resources guides
1.16 resources distilledu
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Sub-section

london
san diego
boston

regex in google s
google data studi
technical audit ¢

content guide
searchscape
tone of voice

future of tv
brandopolis
mobile seo guide
excel for seo
linkbait guide
video marketing
facebook

Group — ownersnip

im Aller

im Alle

Cll

19

Site Section & Subsectlon

(can be extraAcliéAd from URL]




ID

4

9

4.10

i i
12
13
.14
fh >
16

Theme
home
services
services
events
events
events
events
resources
resources
resources
resources
resources
resources
resources
resources
resources
resources
resources
resources
resources
resources
resources
resources

resources

Section

creative

searchlove
searchlove

searchlove

distilledu
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london
san diego

boston

regex in google s]

technical audit cl

content guide
searchscape

tone of voice

future of tv

brandopolis
mobile seo guide
excel for seo
linkbait guide

video marketing

facebook

Sub-section

gle data studi

Author

F
Ownership

Owner

Tim Allen
Tim Allen
Tim Allen
Tim Allen
Tim Allen
Tim Allen
Tim Allen
Tim Allen
Tim Allen

Paola Didone

Benjamin Estes
Benjamin Estes
¢ Tim Allen
Benjamin Estes

Tim Allen
Tim Allen
Tim Allen
Tim Allen

¢ Tim Allen

Tim Allen
Tim Allen
Tim Allen

. Tim Allen

Tim Allen

Nov '19

Update
Frequency

Yearly
Yearly
Quarterly
Quarterly
Quarterly

Yearly
Yearly
Yearly

Yearly
Yearly
Yearly
Yearly
Yearly
Yearly
Yearly
Yearly
Yearly
Yearly



Update
ID Theme Section Sub-section URL Owner Last Update Frequency
Iim Aller Jan'18
Tim Aller Nov '19 Yearly
2.1 services creative ° Tim Aller Nov '19 Yearly
3 events PUb'lSh date, Tim Aller Nov '19 -
3.1 events searchlove london Tim Aller Nov '19 Quarterly
1
I 1
1
1

3.2 events searchlove u:uiI;L; t d t d d t Tim Aller Nov '19 Quarterly
3.3 events searchlove boston as Up a e a e’ Tim Aller Nov '19 Quarterly

- sources Tim Aller Nov'19 -
vt ypescunen, s Update frequency Nov'19 -

gex in google s Paola Didone Aug'18 Yearly
4.3 resources blog google data studi Benjamir Mar '18 Yearly
4.4 resources blog technical audit cl Benjamir Sep '18 Yearly
Juides Tim Aller Nov '19
' ' Jan'18 Yearly
Jan'18 Yearly
Jan '18 Yearly
Jan '18 Yearly
Jan '18 Yearly
Jan '18 Yearly
Jan '18 Yearly
Jan'18 Yearly
Jan'18 Yearly
Jan'18 Yearly
Nov '19 -

4.2 resources blog regex i

ruides future of tv

uides mobile seo guide
uides excel for seo

es linkbait guide
uides video marketing

1
1
1
1
, guid
4.10 resources guides brandopolis
1
1
1
1
1

ruides facebook
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Spider
mal Se Content

| Y Al
Address

¥ robots.txt
URL Rewriting
CDNs
Include
Exclude
Speed
User-Agent
HTTP Header

APl Access
Authentication
Segments
Crawl Analysis

Profiles

Mode Wil Bulk Export  Reports Sitemaps  Visualisations Crawl Analysis Licence Help
0 Crawl Config  Ctrl+;

, URL PageTitles MetaDescription MetaKeywords H1 H2 Content Images Canonicals Pagi

Content Type Status Code Ste

i Custom Extraction

» | Custom Link Positions
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https://www.screamingfrog.co.uk/seo-spider/tutorials/web-scraping/
https://www.screamingfrog.co.uk/seo-spider/tutorials/web-scraping/

[ | from google.colab.patches import cv2_imshow
cv2_imshow(img with boxes)

= amazon

Deliver to | Eey T : :.‘ :
©Nethcr|and5 o i . veqistry s Sign in

AutoML

Power & Hand Tools  Lighting & € piew customes? Start +
We ship internationally ghung New customer? Ssart he

We're showing you items that ship to NL. To see Items that ship to a
difterent country, change your dedivery address.
Addmional language and currency settings are available. Le

NFrOe

i DontChange , |.Changejaddress | .)ng‘ated 1.6 GPF Toilet wi
main prodiet e bh FidsiTechnology and
L eft-Hand Trip Lever, White

= - by Kohiler Add t
AR wRLrdr v 24ratings

Aya_ﬂablﬁ fron? the'_f,_? Eeller_s.’t s Ao prg

product descrinption 98 .80%

* none ’ St

» Imported

* One-piece toilets integrate the tank and bowd into a

| e ey o Gied() %

« Comfort-Height offers chair-height seating that makes
sitting down and standing up easler

» Compact elongated bow! offers added comfort while
occupying the same space as a round-front bowl

* AguaPiston canister allows water to flow ito the bowl
from all sides, creating a morepowerful & effective ﬂuj’n

» Durable canister design has 90% less exposed seal
material than a 3-inch flapper, for leak-free performange
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https://www.searchenginejournal.com/generate-structured-data-automatically-computer-vision/373940/
https://www.searchenginejournal.com/generate-structured-data-automatically-computer-vision/373940/

target intent and
update needs



Use rule-based classification to map out
target intent, personas, content freshness
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- = =] (K~ (5] 3
a ile Edit View Insert Format Data Tools Extensions Help
Q_Menus o 2 S F 100% v~ £ % 0 909 123 Googl. ~ —-@+ BI%_A_é*E.QE'E'ivIaIvAv o B MY By = ~
D2 v =ifna(ifs(REGEXMATCH(lower (B2), "how|why|does|which|when|who|guide|tutorial|learn|examples|resource|ideas|tips|difference

between|strategies|ways|example|directory|news|basics|concepts|troubleshoot|resolve|risks|beginners|upgrade|improve|optimize|case study|best practices|templates|pros and
cons|analysis|articles|audit|benefits|blogs|build|calculate|campaign|choose|common questions|consider|cost|create|definition|definitive guide|earn|easy steps|essential|events|explainer
video|factors|find|fix|grow|hacks|how to|ideal|importance of |increase|infographic|information|meaning|measure|metrics|mistakes|myths|opportunities|popular|practices|questions|remove|set
up|shortcuts|stats|strategy|study|successful|tactics|techniques|terms|things to know|time|trends|tricks|types|updates|well
explained|tutorials|framework|checklist|process|plan|test|glossary|sample|survey|exercises|report|certification|webinar|calendar|quiz|directories|to do list|design basics"), "Informational",
REGEXMATCH(lower (52), "buy|purchase|order|price|quote|for sale|sale|deal|offers|discount|coupon|promo code|voucher|bargain|cost|pricing|cheap|affordable|expensive|premium|near me|online|e-
commerce | shopping cart|checkout|shop|store|retailer|dealer |supplier|marketplace|auction|bid|buy now|pay|payment|finance|leasing|rent|rental|subscribe|subscrintion|free

trial|book|reserve|enquire|inquiry|quote|estimate|cost calculator|shipping|delivery|available|in stock|out of stock|pre-order|backorder|special offer|limited time offerjvlcsh

sale|clearance|wholesale |bulk buy|group buy|membership|reward|loyalty|gift card|cashback|trade-in|upgrade|renew|checkout|secure checkout"),
"Transactional" ,REGEXMATCH(lower (52),"best| top|vs|review|compare|comparison|ratings|recommendation|buyer's guide|alternative*|feature*|benefit*|cost-

effective|affordable|premium|quality|deal|offers|savings|discount|value|choice|selection|rankings|choice|user

1 URL Content Type Content lengti| Target intent
2 t zarir y.corn LAZARINA STOY - SEO, Analytics & Storytelling ) IUnclassified
( ) ¢ ns-w NiX How to Translate Content Collections with Wix - LAZARINA Informational ‘

Consulting - LAZARINA STOY. Commercial
Courses - LAZARINA STOY. Unclassified o I - *
Analytics - LAZARINA STOY. Unclassified L rea ‘e cu s to m
Data Science - LAZARINA STOY. Unclassified
Get in touch. - LAZARINA STOY. ) Unclassified o
Google Looker Studio Dashboard Templates - LAZARINA S Informational
Resources - LAZARINA STOY. ) Informational ta rget l n te n t
Google Sheets Templates - LAZARINA STOY. ) Informational

12 http . ommo ) g : i N 1void-f 10 Common Data Storytelling Mistakes and How to Avoid Tt ) Informational ® ®
Who is Lazarina Stoy? - LAZARINA STOY. Informational ca tego rl es fo r tl tl es
Conference Decks and Presentations - LAZARINA STOY. Unclassified
SEO - LAZARINA STOY. ) Unclassified
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even better
classify ranked queries (GSC)

with custom intent filters
and assign the category based on that
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F2

between|strategies|ways|example|directory|news|basics|concepts|troubleshoot|resolve|risks|beginners|upgrade|improve|optimize|case study|best
practices|templates|pros and cons|analysis|articles|audit|benefits|blogs|build|calculate|campaign]|choose|common
questions|consider|cost|create|definition|definitive guide|earn|easy steps|essential|events|explainer video|factors|find|fix|grow|hackg|how
to|ideal|importance

of |[increase|infographic|information|meaning|measure|metrics|mistakes|myths|opportunities|popular|practices|questions|remove|set

& uplshortcuts|stats|strategy|study|successful|tactics|techniques|terms|things to know|time|trends|tricks|types|updates|well

explained|tutorials|framework|checklist|process|plan|test|glossary|sample|survey|exercises|report]|certification|webinar|calendar|quiz|directo
ries|to do list|design basics

"), "Informational", REGEXMATCH(A2, "buy|purchase|order|price|quote]|for sale|scle|deal|offers|discount|coupon|promo

code | voucher |bargain|cost|pricing|cheap|affordable|expensive|premium|near me|online|e- e|shopping

cart|checkout|shop|store|retailer|dealer|supplier|marketplace|auction|bid]|buy

A F
1 [ Query Landing Page Average Position Url Clicks Impression Search Intent
2 | pytrends https://lazarina ycom/ e-ultimatg-guide-tc 3.983786914 727} Informational |
3 | lazarina stoy https://lazarin 'ﬂ 127 |Unclassified
le
4 | google trends api https: //lazarmastoy com/the ultimate-guide-tc 10.12707499 1747  Informational
5 | pytrends example https://laﬁmﬂ gﬁ ng Wﬁ Wéb t d Informational
6 | pytrend https://la : henliArMat r o S' e an 189 Unclassified
7 | google trends api python https://lazarinastoy.com/the-ultimate-guide-tc 5.099337748 302} Informational
8 | looker studio custom dimensiol https.//lazarmastoylcom/uIt|whab-m a ke S sen Se 8 32! Unclassified
9 | seo google sheets templates | hitps://lazarinastoy.com/resources/google-sk 2.941176471 7 347 Informational
4 = Import your
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even better

train a classifier
on your niche’s content and queries
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Vertex Al > Documentation Was this helpful? 7 G Vertex Al > Documentation Was this helpful? 7 G

Prepare text training data for Send feedback Hello text data: Create a text classification Send feedback
classification 0O - dataset and import documents O -

This page describes how to prepare text data for use in a Vertex Al dataset to train single-label and multi-label

classification models. sl To learn more, run the "Create, train, and deploy an AutoML text classification model" Jupyter notebook in one of the following

environments:

Single-label classificati... Multi-label classification Open in Colab | Open in Vertex Al Workbench user-managed notebooks | View on GitHub

For single-label classification, training data consists of documents and the classification category that apply to

Use the Vertex Al console to create a text classification dataset. After your dataset is created, use the CSV that you
those documents. Single-label classification allows a document to be assigned only one label.

copied into your Cloud Storage bucket to import those documents into the dataset.

5 This tutorial has several pages:
Data requirements is tutorial has several pages

o 1. Setting up your project and environment.
¢ You must supply at least 20, and no more than 1,000,000, training documents.

. 2. Creating a text classification dataset .
You must supply at least 2, and no more than 5000, unique category labels.

3. Training an AutoML text classification model.
You must apply each label to at least 10 documents.

) : ) . 4. Deploy model to an endpoint and send a prediction.
For multi-label classification, you can apply one or multiple labels to a document.

5. Cleaning up your project.
You can include documents inline or reference TXT files that are in Cloud Storage buckets. SHMR oML el

Each page assumes that you have already performed the instructions from the previous pages of the tutorial.

Best practices for text data used to train AutoML models T e

The following recommendations apply to datasets used to train AutoML models. 2. From the Get started with Vertex Al page, click Create dataset.

¢ Use training data that is as varied as the data on which predictions will be made. Include different lengths of 3. Specify details about your dataset.
documents, documents authored by different people, documents that use different wording or style, and so

a. Specify a name for this dataset, such as text_classification_tutorial.




experiment and improve

incorporating signals go deeper than decipher the user

from SERP features informational, knowledge level from

ranked on Google navigational, etc. and queries ranked, and
pinpoint actions whether your content

matches that

@ SERP Conf.



understand content
topics and subtopics



at a minimum, we should understand the topics
the content covers
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roughly, there are two ways of doing this
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Classification sorts data into specific

categories using a labeled dataset.

Weight

®@lazarinastoy // lazarinastoy.com // mlforseo.com

A

'\
A A A
A A A
A
2 . A A
® A

[ [5) & . A Adults

@ .
& ® Children

Height
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Clustering is partitioning an unlabeled
dataset into groups of similar objects.

A
A
A A A
A A A
g — A
Weight | @ > A A
/ — \\\_ A
/ . . . \\ A cluster 2
( \ ' w/ Adult
\ ) ' Characteristics
\ () /
\ @
@ ) @ / Cluster 1
> w/ Child
R s Characteristics
>
Height
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[H]

= =n

With Google’s Natural Language C"\} i

Classification Englne

API, you can classify documents in
1.3K+ predefined categories

@lazarinastoy / lazarinastoy.com / mlforseo.com @ SERP Conf.



Process will take no
more than 20
minutes

Text Classification

How to do Text
Classification with Google’s
Natural Language APl in
Google Sheets (Apps Script)

Lazarina Stoy. «+ Mar 27, 2024
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https://www.mlforseo.com/machine-learning-tutorials/text-classification/text-classification-with-google-natural-language-api-in-google-sheets/
https://www.mlforseo.com/machine-learning-tutorials/text-classification/text-classification-with-google-natural-language-api-in-google-sheets/

Text Classification in Google Sheets with Google Cloud Natural Language API - By Lazarin...

File Edit View Insert Format Data Tools Extensions Help

QA 6 @ & F 100% ~ £ % O 09 123 Defau.. v —[10]+ B I
c2 v /Sensitive Subjects/War & Conflict
x
A B
1 URL Content
2 https://www.bbc.com/blog/world-europe-68255490 Exhausted Ukraine struggles to find new men for front
3 https://www.bbc.com/news/world-us-canada-68395414 South Carolina primary: Donald Trump easily defeats
4 hitps://www.bbc.com/news/entertainment-arts-6836281( Kim Petras on sexual liberation and fighting TikTokPu
5  https://www.bbc.com/news/entertainment-arts-68395354 SAG Awards red carpet 2024: From Margot Robbie to
6  hitps://www.bbc.com/news/entertainment-arts-68395355 SAG Awards 2024: Oppenheimer dominates ahead o
7 https://www.bbc.com/news/world-middle-east-68395173 US and UK carry out fresh strikes on Houthi targets in
8  https://www.bbc.com/news/uk-scotland-glasgow-west-61 Inside the long-abandoned tunnel beneath the ClydeP
9  https://www.bbc.com/news/world-europe-68322527 Ukraine war: Is Avdiivka's fall a sign Russia is turning
10 | https://www.bbc.com/news/uk-wales-68210255 Travel: How a £525 bet gave birth to your morning co
1 Two years into Russia's invasion, exhausted Ukrainia
https://www.bbc.com/news/world-europe-68384341 Anthill resident"I'm no politician," confesses Valeriy, a
12 | https://www.bbc.com/news/world-europe-68393412 Authorities return body of Alexei Navalny to mother 8
13 https://www.bbc.com/news/entertainment-arts-6839133C Wendy Williams thanks fans for support after dementi
14 | https://www.bbc.com/news/world-asia-68378651 Japan naked festival: Women join Hadaka Matsuri for
15 https://www.bbc.com/news/world-europe-68395030 Alexei Navalny: Dissent is dangerous in Russia, but a
16 | https://www.bbc.com/news/world-europe-68359252 Rosenberg: How two years of war in Ukraine changed
17 https://www.bbc.com/news/entertainment-arts-6839535Z SAG Award winners 2024: The full list of nominees an
18 https://www.bbc.com/news/entertainment-arts-68362811 Stray Kids: How K-Pop took over the global charts in
19 https://www.bbc.com/news/entertainment-arts-6831773€ Gareth Edwards: The Creator director on shaking up
20 | httos://mwww.bbc.com/news/newsbeat-68382142 Chuckie: 1Xtra nresenter feels R&B has special vear
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/Sensitive Subjects/War & Conflict
/News/Politics/Campaigns & Elections
/Arts & Entertainment/Celebrities & Entertainment News

/Arts & Entertainment/Celebrities & Entertainmen
/Arts & Entertainment/Entertainment Industry/Fil
/Sensitive Subjects/War & Conflict
/Reference/Hu es/History

jects/War & Conflict

ion/Transportati

/Sensitive

ng Distance Bus & R

/Arts & Entertainment/Celebrities & Entertainment News
/People & Society/Religion & Belief

/News/Politics/Other

/Sensitive Subjects/War & Conflict

/Arts & Entertainment/Entertainment Industry/Film & TV Industry
/Arts & Entertainment/Music & Audio/World Music

/Arts & Entertainment/Movies/Science Fiction & Fantasy Films
/Arts & Entertainment/Music & Audio/Urban & Hin-Hob

® Share

---Enter your URLs and-content

0.9567586
0.97098255
0.73509616
0.96840936

1

1
0.46487474
0.97672516
0.824742

0.96695495
0.8510177
0.9236957
0.9582382

1
0.95304227
1
0.9936768
0.9095848
0.8976116
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Run the script via a formula to get
classification label & confidence

®@lazarinastoy // lazarinastoy.com // mlforseo.com

rLazarin... Y% & & D B o~ © Share
s A % H =- 4L~ Plv A~

C D
Classification Label Confidence
/Sensitive Subjects/War & Conflict |. 0.9567586
/News/Politics/Campaigns & Elections 0.97098255
/Arts & Entertainment/Celebrities & Entertainment News 0.73509616
/Arts & Entertainment/Celebrities & Entertainment News 0.96840936
/Arts & Entertainment/Entertainment Industry/Film & TV Industry 1
/Sensitive Subjects/War & Conflict 1
/Reference/Humanities/History 0.46487474
/Sensitive Subjects/War & Conflict 0.97672516
[Travel & Transportation/Transportation/Long Distance Bus & R: 0.824742
/Sensitive Subjects/War & Conflict 0.96695495
/News/Politics/Other 0.8510177
/Arts & Entertainment/Celebrities & Entertainment News 0.9236957
/People & Society/Religion & Belief 0.9582382
/News/Politics/Other 1
/Sensitive Subjects/War & Conflict 0.95304227
/Arts & Entertainment/Entertainment Industry/Film & TV Industry 1
/Arts & Entertainment/Music & Audio/World Music 0.9936768
/Arts & Entertainment/Movies/Science Fiction & Fantasy Films 0.9095848
/Arts & Entertainment/Music & Audio/Urban & Hin-Hoo 0.8976116
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B Mt L e A T

Plug-and-play template in
Looker Studio

il 14 it &
Illllllmmll ' &
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playground

Primary cntegoties Secordiry caeyor s Tertiary categories

oy 3 Bt



https://www.mlforseo.com/looker-studio-dashboard-templates/text-classification-with-google-cloud-natural-language-api/
https://www.mlforseo.com/looker-studio-dashboard-templates/text-classification-with-google-cloud-natural-language-api/

O Google Natural Language API Text Classification Visualization - by LazarinaStoy.Com for MLI

Primary categories
| s

l Senstive Subjects

2 Pets & Animals

[ Peogle & Society

gmlm

i’ Business & industriad

B Teavel & Transportation
[ Law & Govertment
- Sobs & Edecanon

Scwesce

this should give you a general direction of

Secondary categories
Polties l
Local News Pl
Other
< War & Coaflict = Aggicuiture § Forestry
Accetoms & Desastors = s Comtryrton § Mnteatce
Degth & Te - Sniomral Soenced

Vicdence & Abuse =
Wigile B

Anmat Products & Servces

Sotisl lsxoes & Advocacy W

Farity & Retgbomhos
feigeon § Betef

Calednnhes & EnorTamment News 51
Vasual Art & Design

Mowes
Ertertainment moustry

TV & Voo -

Eventy § Laatings
Wrre & Agdn
Aetorpace & Defense

Agreuiture & Fovestry -

Energy & Uninws
Corgtructon & Mantesance

~ Fasiveon & Sty
Meprrgl suy n

& Gowermmaent

55 Eth Soewces

' ¥isyal A & Decign
Atroapace & Detense
Meahth Conditions

Intertsmment indystry
=1 Family § Relstonthyp:
o Medcs! Deviesy § Equpmen
Il Socal tssues & Advecacy

TV & Vdeo
B Towrst Destingtons
o Nursng

Edusation
= Evoms § Listngs
@ Energy & Unies

Conkong & Seorpey
W Movies

= Socwl Servces
Pable Satery

ww Eoology & Enveoament

- Myuc § Asdc

2 Share -~ Z Edit

Tertiary categories

Camgagns & Elections

Al Museums & Gallenes ~~
Spaco Technology §
Newowgral Congitions
Cances
ladectious Drseeses —
Fam & TV industry ©
famely
Assustive Tecanology =
Charity & Pielaathropy 3%
Groen Lisvg & Ennronmental tssues
Work & Labor issuyes —
1V Shows & Programs
rhstoncal Sites & Suilangs
Heqronal Farks 4 Gerdens w
Assisted Living & Long Term Cars o3
Pnmary & Secondary Schooling (K-12) &
Concerts & Masc Fostivats 2
Henewatie § Avernatree Erergy
0ol & Gos
Cineney —
Soeoce Ficvon & Fantesy Films ~
Mone Relesence
Botywood & South Asan Fem
Wettere & Unemployment =
Law Enlorcoment =
Crwme & Jushice —
Chmate Ohange & Globsl Warmeg ~—
Works Mgpe =
Urhan & top-teop «

site’s topics and core content types

@lazarinastoy // lazarinastoy.com // mlforseo.com
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Predictable categories
Controlled training of model

Accuracy indicated

3 Great for scale and beckmarking
®Integration with LLMs (*new)
Y Can't be used for uses outside of the main
task (i.e. no clustering)

Y Can't be given custom lists

M Requires time and data for custom training
models with AutoML

@lazarinastoy / lazarinastoy.com / mlforseo.com @ SERP Conf.



now, onto subtopic identification and tagging
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enter LDA
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Creation of

Topics
LDA Model

Collection of
text documents Number of words in
a given document @ P
1 . ‘ ;‘. g ::‘}

.
O—_‘O-O—-‘ Frequency of topics
a

8 z Y per document
M
v v =
D ; Observed
Dirichlet PoSument-topic Word
distribution
parameter Y Number of D1 D2 D3 D4
Word-topic documents

assigment

@lazarinastoy / lazarinastoy.com / mlforseo.com @ SERP Conf.



Topics

gene 0.04
dna e.82
genetic 8.681

Topic proportions and

Documents X
assignments

Seeking Life’s Bare (Genetic) Necessities

COLD SPFRING HARBOR, NEW YORK—  “are moe all that tar agor,” copecnlly m

o ey 2ones o '-'""‘M n comparson o the 73000 gores 1 the lw
Livt weck ot the senome mechne e, veotes iy A b e SN

brere,” oo gevwene researchers with radically

ditfercent appnvahes proented coaydamn

rary views of the letc 2ones neaded £ il

COne nesearch teom, s oot smaly s aly . 5.
ses o conpare bowwn comones, concludal INOES S e s (e e e
thom today ’m\.\—w ke wrtained vach sequenced. “Te man Be a way of cegani:
st 230 aerwe< ond ths che eorlies life foenes v newly sogquetwed s explans
eoquired o mere 128 aones Thae i Arcady Muwhegian, s compuraticoal mo
oehwer pessarcher m n,‘f\\l s A ‘ lecular brologie e the Natigs!

oA illu“".‘: ".CAf'llf J“-' s
maned thor for thes cegainism, |
RO wenes are pleey wedo the
pob—but thor sovethivee shoer
o 10O woulde't be enougls hS
Althswgh the numbers dat

mach precedy, those prodiian

AR T oA e

* Gesorme Nagpeg and Sequenc- S
ing Cold Spring Harbor, New York, SUipPING BOWN. Coanputer iy s Wb an aal-
May 8to 12 sl of 19 merEmium mOceen Bt NGt peanomes

SCIENCE o VOL 272 0 24 MAY 1ok

@lazarinastoy // lazarinastoy.com // mlforseo.com

0O SERP Conf.



04

03
1

0.1

A a kL A

0.0

1 8 16 26 36 46 56 66 76 86 96

Topics
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“Genetics”
human
genome

dna
genetic
genes
sequence
gene
molecular
sequencing
map
information
genetics
mapping
project
sequences

“Evolution”
evolution
evolutionary
species
Organisms
life
origin
biology
groups
phylogenetic
living
diversity
group
new
two
common

“Disease”
disease
host
bacteria
diseases
resistance
bacterial
new
strains
control
infectious
malaria
parasite
parasites
united
tuberculosis

“Computers”

computer
models
information
data
computers
system
network
systems
model
parallel
methods
networks
software
new
simulations
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BERTopic is another, even better alternative
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Zero-shot

. Topic Modeling
Supervised

Topic Modeling Guided

| -
Topic Modeling Class-based

Topic Modeling

Manual
Topic Modeling Merge Models
. Federated/Incremental
Multi-aspect L :
Representations - carning
T BERTOPK: Semi-supervised
R o ©®
Multi-modal SR Topic Modeling

Topic Modeling

Seed Words
Representations
LLM Dynamic
Representations i Topic Modelin
Online P J Multi-topic
Topic Modeling Modeling

Hierarchical
Topic Modeling
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I I I e I I I e
HETLWEPA © @ ©

(optior_\al)
=il ChatGPT

B . I I . I .
Weighting c-TF-IDF + c-TF-IDF + N N N
scheme c-TF-IDF BM25 ¢oo Normalization

ChatGPT

c-TF-IDF
Tokenizer 00

e

Clustering | _|p):io0.\, 00

HDBSCAN

I . I I . N N 8
Dme;::louncatlil:x m L N N B TruncatedSVD
. N N N . N N N NN N

Embeddings SBERT SpaCy [ N M B 2 Transformers
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/ Although BERT is typically .
Embed A~ used for embedding BERTOplC
Documents documents, any embedding

technique can be used.

!

( N 4

Cluster documents

UMAP |—> | HDBSCAN into semantically

Reduce dimensionality Cluster reduced

of embeddings embeddings SImI|OI’ C|UST€I’S

\ 4

Create topic

representations c-TF-IDF N MMR

Generate candidates by Maximize candidate

from clusters extracting class-specific relevance

words
\_ Y G )
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®@lazarinastoy // lazarinastoy.com /,

ArXiv - BERTopic

Topics labeled with “openhermes-2.5-mistral-7b"

Molecule

Domain Adaptatiqﬁﬁfggsﬁgﬁlon
Visual Recognition Quantum Machine

Learning Algorithms

Ensemble
Classification
Methods and
Performance

Kernel based

atent Variable an clustering
VAE Learning Methods algorithms

Generative
versarial Network;
GANs

Adversarial Attacks
and Robustness in
Jﬂachme Learning

Speaker Recognition
Techniques EEG based Deep

Learning Methods

3D Object Generati
and Segmentatio

Graph Neural
w Rank MatrixNetworks and Node

- cton from Factorization Classification
'\é'SS,'ﬁZ'n'{;‘ﬁgﬁ Prediction from EHRs

COVID 19 Chest CT
Image Analysis
Causal Effect
Estimation from
Observational Data e ’
. Variational Gaussian
Explanation methods Process Inference
for black box

machine learning

models Neural Networks

Physics Equations

Neural Network
Convergence and
Learnability

Machine Learning
Fairness Methods

Time Series Smart Grid

Sequential 1
orecasting Forecasting

Recommendation with
Neural Networks

Malware Detectio
through Machine
Learning Spatial Temporal
Traffic Prediction

Federated Learning
Privacy

Continual Learning
for Wireless Systems

tochastic Gradier
cent Optimizatiol

ntinual Learnj
nd Catastrophi

Forgetting DNN Compression

Approaches
Stock Market

Multi Armed Bandit
Algorithms and
Regret Bounds

Prediction with Deep B E RTOpIC
. Learning
Reinforcement e ¢
Learning and State Bayesian =%
Embeddings for c1)pt|m|_zat|on
Robotics echniques
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Topic Word Scores

Topic 0 Topic 1

herta! |  b=c<ery I --coeie

S
- s

flavors _ cabernet _
green - blackberries -

0 0.02 0.04 0.06 0 0.02 0.04 0.06

Topic 4 Topic 5
woros [N -
i — verdor |
] caberne: N
iy ]
- sauvignon _

0 0.02 0.04 0.06 0 0.02 0.04 0.06

spice

flavors

vanilla

tannins

@lazarinastoy // lazarinastoy.com // mlforseo.com

bottling
palate
purple
oregano

blueberry

o

Topic 2 Topic 3
T wine |
e cedar [
I -
B -
e curraot. [

0 0.01 0.02 0.03 0 0.01 0.02 0.03

Topic 6 Topic 7

texture
wine _
flavors -
o [
aroma -
0.02 0.04 0.06 o o

#0'0
90°'0
80’0

o
~
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30_qgantas_joyce_airline-
126_airport_travel_covid19 -
18_china_chinese_beijing -
235_qsl_turnbull_leaders-
484 tax_rate_cuts-
19_climate_carbon_emissions -
210_brexit_sterling_pound -
261_countries_pandemic_econ.., ===
544 vaccine_markets_warsh -— |
204_bubble_bond_yields —=—
163_trump_trumps_election
60_bond_yields_bonds -
20_fed_inflation_feds —=— ——
80_inflation_rba_rate ——'
99_dollar_currency_aussie ———
222 _loan_loans_mortgage ———
169_housing_house_property —=——
38_banks_cba_bank-
21 _anz_elliott_anzs-
125_westpac_westpacs_hartzer-
216_nab_thorburn_mcewan-
77_apra_hayne_banks —=———
66_westpac_westpacs_austrac —=——
2_index_stocks_earnings -
85_says_fundie_you —:
3_chinese_chinas_china-
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You can do
no-code LDA
topic modelling

Topic Modeling with LDA web-based app for
finding internal linking opportunities | SEO...

O SERP Conf.


https://www.youtube.com/watch?v=XIuJ7QOnjlE
https://www.youtube.com/watch?v=XIuJ7QOnjlE

To use BERTopic,
you can a use
Python/Colab

notebook

Another copy of BERTopic.ipynb

File Edt

Table of contents

Run

Help

Tutorial - Topic Modeling with BERTopic

(last updated 01-09-2¢
In this tutorial we will be exploring how to use BERTopic to create topics from the well-known 20Newsgroups dataset. The most frequent use-

cases and methods are discussed to th important parameters to keep a look out for.

BERTopic

BERTopic is a topic modeling technique that leverages & transformers and a custom based TF-IDF to create dense clusters allowing for

easily interpretable topics whilst keeping important words in the topic descriptions.

Enabling the GPU

First, you'll need to enable GPUs for the notebook:

« Navigate to Edit-+Notebook Settings
« select GPU from the Hardware Accelerator drop-down

Referen

v Installing BERTopic

We start by installing BERTopic from PyPi.

@ SERP Conf.


https://github.com/MaartenGr/BERTopic
https://github.com/MaartenGr/BERTopic

in both cases, you can feed the data
back into your audit spreadsheet

®@lazarinastoy // lazarinastoy.com // mlforseo.com



identify and map
entities to topics



hiking

wallpaper
backpacking
trekking

mountain
trail
summer
hawaii
dog
winter
shorts
fashion

@lazarinastoy // lazarinastoy.com // mlforseo.com

outfit
outdoor
forest
person
utah

woman
colorado
family
clipart
gear
camping
tumblr
nature
barefoot
beautiful
canada
adventure
silhouette

0O SERP Conf.



With Google’'s Natural Language API, you can analyze
entities, and also get a bunch of other metrics

®@lazarinastoy // lazarinastoy.com // mlforseo.com



[¢ Y 7 ] N
(P Process will take no
(EOTIDE e more than 20

minutes

Entity analysis

How to do Entity Extraction
with Google’s Natural
Language API in Google
Sheets (Apps Script)

Lazarina Stoy. - Mar 27, 2024

@lazarinastoy // lazarinastoy.com // mlforseo.com


https://www.mlforseo.com/machine-learning-tutorials/entity-analysis/entity-extraction-with-google-natural-language-api-in-google-sheets/
https://www.mlforseo.com/machine-learning-tutorials/entity-analysis/entity-extraction-with-google-natural-language-api-in-google-sheets/

Run the script via the
menu to extract
entities from content

@lazarinastoy // lazarinastoy.com // mlforseo.com

ata v  Analysis ~ Pivot Table ~

ient - News B &
:xtensions Hel Sentiment Tools

D FH Ok & Share ~

123 Arial - Mark entities and sentiment =+l v o> A~ : o~
B c
comments entity_sentiment

The blind Ukrainian amputee whose wife's voice ke complete

Exhausted Ukraine struggles to find new men for fr; complete

South Carolina primary: Donald Trump easily defez complete

Kim Petras on sexual liberation and fighting TikTok'| complete

SAG Awards red carpet 2024: From Margot Robbi¢ complete

SAG Awards 2024: O ates ahead of OscarsPublished8 hours a

US and UK carry out fresh strikes uthi targets in YemenPublished12 hours ¢
| Inside the long-abandoned tun ath the ClydePublished2 hours agoSharec
ssia is turning the tide?Published17 Febru
ur morning commutePublished4 hours agc
sted Ukrainians refuse to give upPublishe
y to mother 8 days after deathPublished1:
s thanks fans for support after dementia and aphasia diagnosisPut
Japan naked festival: Women join Hadaka Matsuri for first timePublished10 hours
Alexei Navalny: Dissent is dangerous in Russia, but activists refuse to give upPut
Rosenberg: How two years of war in Ukraine changed RussiaPublished3 days ag
SAG Award winners 2024: The full list of nominees and p= e

Stray Kids: How K-Pop took over the global charts in 20

Gareth Edwards: The Creator director on shaking up H c ‘ IR el ool SALE
Chuckie: 1Xtra presenter feels R&B has special year ah - -

Alia Bhatt: The young Bollywood star taking on Hollywoc

Entity Analysis with with Google Cloud Natural
Language API (Google Sheets Template and
Apps Script)



https://www.mlforseo.com/google-sheets-templates/entity-analysis-with-with-google-cloud-natural-language-api-google-sheets-template-and-apps-script/
https://www.mlforseo.com/google-sheets-templates/entity-analysis-with-with-google-cloud-natural-language-api-google-sheets-template-and-apps-script/

E File Edit View Insert Format Data Tools Extensions

Al

-

®© o N e o slw N

Entity Analysis in Google Sheets with Google Cloud Natural Language API - By Lazarina Stoy for MLforSEO.Com +# & &

Help Sentiment Tools

O] Ck ~ ® Share

Q Menus & ¢ & § 100% ~ | £ % O .00 123 arial ~ =[]+ B I 5 A %@ E-i-pR-A- 0o B @ Y B =
~ JfID
A B c D E F G H I |
D | Entity Type Salience Sentiment Score Sentiment Magnitudi Number of menti Metadata Mentions
https://www.bbc.com/news/world-europe-68376700 .Serhly lﬂSON 0.34382942 0 26 6 {} Serhiy, Serhiy, Serhiy, Serhiy, Serhiy, Sei
https://www.bbc.com/news/world-europe-68376700 Valeria PERSON 0.20473818 0 1.9 8 {) wife, Valeria, Valeria, Valeria, Valeria, Va
ttps:/fwww.bbe.com/news/world-europe-68376700 again. |t OTHER 0.07993547 0 0.3 3{ again.lt, consciousness, pattern
s:/fwww.bbe.com/news/world-europe-68376700 amputee PERSON 0.03255884 0 13 1{ amputee
J/iwww.bbe.com/news/world-europe-68376700 men PERSON 0.023478702 0 0 2§ men, men
Iwww.bbe.com/news/world-europe-68376700 consciousness OTHER 0.01324304 0 0 10 consciousness
https ¥www.bbc.com/news/world-europe-68376700 legs OTHER 0.012497222 0 1{ legs
: .bbe.com/news/world-europe-68376700 voice OTHER 0.011640955 0 19 voice
https:/h .bbe.com/news/world-europe-68376700 voice OTHER 0.011640955 0 0 1{ voice
3 .bbe.com/news/world-europe-68376700 wife PERSON 0.010622509 0 0 10 wife
/ be.com/news/world-europe-68376700 thought OTHER 0.010182 0 0 20 thought, relief
https:/iwww.fpc.com/news/world-europe-68376700 hospital bed OTHER 0.009335752 0 0 10 hospital bed
https:/iwww.btk com/news/world-europe-68376700 BakerBBC NewsAs Sert OTHER 0.00860053 0 0 1§ BakerBBC NewsAs Serhiy
https:/iwww.bbcom/news/world-europe-68376700 Ukrainian LOCATION 0.007102234 0 0 10 {"mid":"/m/07t21","wikipe Ukrainian, Ukrainian, Ukraine, Ukraine, L
https:/iwww.bbc.dgminews/world-europe-68376700 soldier PERSON 0.0063414737 0 0 140 soldiar
https://www.bbc. /news/world-europe-68376700 sharingRelated TopicsW OTHER 0.006290309 0 PS P
https:/iwww.bbc.con§news/world-europe-68376700 Kyiv LOCATION 0.006290309
https://www.bbec.com/Rews/world-europe-68376700 pageCopy linkAbout OTHER 0.005526677 G e t e n tl t d a t a l n
https:/iwww.bbe.com/ndvs/world-europe-68376700 agoShareclose panelShi OTHER 0.005526677
https:/iwww.bbc.com/neWls/world-europe-68376700 UkraineBy Keiligh OTHER 0.005526677 0 v 'RY; Unianicuy neygn
https://www.bbc.com/ne rid-europe-68376700 Russia LOCATION 0.005216035 0 6 {"wiki sia, Russia,
https:/iwww.bbc.com/ne rid-europe-68376700 tube OTHER 0.005082654 0 10
https://www.bbec.com/news/wild-europe-68376700 consciousness OTHER 0.0050217225 0 0 2 {} 1SS
https:/iwww.bbe.com/news/woRgd-europe-68376700 dreams OTHER 0.004847212 -0.4 0.8 10 S e Co n s
https:/iwww.bbc.com/news/wori®europe-68376700 wounds OTHER 0.004582253 0 0 2 {
https:/iwww.bbe.com/news/world-Qurope-68376700 throat OTHER 0.004465256 -0.1 0.1 10 throat
https:/iwww.bbe.com/news/world-e8ope-68376700 panic OTHER 0.004465256 0 0 10 panic
https://www.bbe.com/news/world-eurgpe-68376700 darkness OTHER 0.004465256 0 0 1{ darkness
https:/www.bbe.com/news/world-euroRe-68376700 organisations ORGANIZATION 0.004451084 0 0 1{ organisations
https://www.bbec.com/news/world-europ®&68376700 approach OTHER 0.0041478397 0 0 10 approach
Mp_s://www.bbc.com/news!wodd-europe§§76700 veterans PERSON 0.0039000588 0 0.1 1{ veterans
https://www.bbc.com/news/world-europe-68376700 Ukrainians PERSON 0.0031437073 0 0 2 {"wikipedia_url":"https://e Ukrainians, Ukrainians
hugs:/lwww.bbc4com/news/wodd-europe-68‘76700 veteransHe PERSON 0.0030598007 0 0.2 1{ veteransHe
https://www.bbec.com/news/world-europe-68 PERSON 0.002669544 0 0 1{ family
https:/iwww.bbc.com/news/world-eurt OTHER 0.0024970311 0 0 10 injuries
https:/iwww.bbc.cominews/world-eurt invasion EVENT 0.0024199213 0 0 10 invasion
https:/www.bbe.com/news/world-eur: conscious@iess OTHER 0.0023867677 -0.3 0.3 14 consciousness
hitns:/iwww hhe cominews/warld-enrn soldier PFRSON 0.0023730078 0 0 10 soldier

+ = Working sheet v | Entity Sentiment Data ~

Related resources and How-to guide ~
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Entity / Number of mentions

Classification label Issian Getty Imag... video support pag

[Health/Mental Health/Other 80 9
/Sensitive Subjects/Death & Tragedy - 42 12 24
/Sensitive Subjects/War & Conflict

22 1

9

/People & Society/Social Issues & Advoc... 4

)
Map to topics,
[Law & Government/Public Safety/Law E...
/Business & Industrial/Energy & Utilities/...

I a b e I S o r [Arts & Entertainment/Celebrities & Ente...

/Jobs & Education/Education/Primary & ...

°
I n te n t ® /Health/Mental Health/Other @ /Sensitive Subjects/Death & Tragedy ~ ® /Sensitive Subjects/War & Conflict ~ ® /People & Society/Social Issues & Advocacy/Green Living & En...
© /Law & Government/Public Safety... ® /News/Other ® /Business & Industrial/Energy & U... ® /Jobs & Education/Education/Pri... ® /Arts & Entertainment/Celebrities...

classifications

Salience

Number of mentions




evaluate content
helpfulness and EEAT



Aleyda has this
checklist with
questions from
Google's guidelines

Questlons to assess your content Quality, Helpfulness and Experience

Does the content seem to be serving the genuine interests of visitors to the site or does it seem to exist solely by someone attempting to guess what might
rank well In search engines?

Are you producing lots of content on many different topics in hopes that some of it might perform well In search results?
Are you using extensive automation to preduce content on many toplcs?

Are you mainly summarizing what others have to say without adding much value?

Are you writing about things simply because they seem trending and not because you'd write about them otherwise for your existing audience?

Does your content leave readers feeling like they need to search again to get better information from other sources?

Are you writing to a particular word count because you've heard or read that Google has a preferred word count?

Does your content actually answer the guestion that it promised to answer?

Do you have an existing or intended audience for your business or site that would find the content useful if they came directly 1o you?

Does your site have a primary purpose or focus?

Will someone reading your content leave feeling like they've had a satisfying experience and leamed enough about a topic to help achieve their goal?
Does the content provide substantial value when oompereu to other pages in se saamh resulls’

nmmmmmmm M muuw-w
mmwm-m muwmduw
sting information that is beyo

Is naamuunMyourMmmaum:dyoureomnl dopagesearryabylho Mmemlghtboemmd?

Do bylines lead to further information about the author or authors involved, giving background about them and the areas they write about?

If automation Is used to substantially generate content, |s the use of automation, including Al-generation, self-evident 1o visitors through disclosures or In other
ways?

Are you providing background about how automation or Al-generation was used to create content (in case it was)?

Are you explaining why automation or Al was seen as useful to produce content (in case it was)?

Does the content present information In a way that makes you want to trust it, such as clear sourcing, evidence of the expertise nvolved, background about
the author or the site that publishes it. such as through links to an author page or a site's About page?

If someone researched the site producing the content, would they come away with an impression that it Is well-trusted or widely-recognized as an authority on
its topic?

Is this content written by an expert or enthusiast who demanstrably knows the topic well?

Is the content free from easily-verified factual errors?

Does your content clearly demonstrate first-hand expertise and a depth of knowledge (for example, expertise that comes from having actually used a product
or service, or visiting a place)?

Is the content free from speling or stylistic issues?

Was the content produced well, or does it appear sloppy or hastily produced?

Is the content mass-preduced by or cutsourced to a large number of creators, otqnadmualugonetwukdalm s0 that individual pages or sites don't
get as much attention or care?

Do pages have good Core Web Vitals?

Are pages served in a secure fashion?

Does content display well for mobile devices when viewed on them?

Does the content lack an excessive amount of ads that distract from or interfere with the man content?
Do pages lack Intrusive Iinterstitials or pop-ups?

Can visitors navigate to or locate the main content of your pages easily?

Is the page designed so visitors can easdy distinguish the main content from other content on your page?

Area

Helpfulness and People Satisfaction
Helpfulness and People Satisfaction
Helpfulness and People Satisfaction

Helpfulness and People Satisfaction
Helpfulness and People Satisfaction
Helpfulness and People Satisfaction
Helpfulness and People Satisfaction
Helpfulness and People Satisfaction
Helpfulness and People Satisfaction
Helpfulness and People Satisfaction
Helpfulness and People Satisfaction
Helptuiness and Peogie Satisfaciion

FEfEEF §FF FEFF §F §f FiffFfrsfFdrsFdrsseese

Expected

Answer

gz 7



https://twitter.com/aleyda/status/1649436003759685633
https://twitter.com/aleyda/status/1649436003759685633

with a bit of . creativity,
you can automate some checks
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Are you producing lots of

content on many different # of content pieces
topics in hopes that some of it

| | topic models
might perform well in search \2 # of topics
results?
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Does your content leave readers

feeling like they need to search Bounce rate
again to get better information \2 Time on page

from other sources?
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ls it self-evident to your visitors

who authored your content, do
pages carry a byline, where one \2 Author bvline
might be expected? y
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Do bylines lead to further
information about the author or

authors involved, giving
background about them and the \2 Auth
areas they write about? uthor page

®@lazarinastoy // lazarinastoy.com // mlforseo.com



Green - can be checked easily
Yellow - can be checked with
the help of a custom

model/calculation
Red - difficult to check at scale

@lazarinastoy // lazarinastoy.com // mlforseo.com

Questions to assess your content Quality, Helpfulness and Experience

Does the content seem to be serving the genuine interests of visitors to the site or does it seem to exist solely by someone attempting to guess what might rank well in
search engines?
Are you preducing lots of content on many different topics in hopes that some of it might perform well in search results?

Are you using extensive automation to produce content on many topics?

Are you mainly summarizing what others have to say without adding much value?

Are you writing about things simply because they seem trending and not because you'd write about them otherwise for your existing audience?

Does your content leave readers feeling like they need to search again to get better infi from other ?

Are you writing to a particular word count because you've heard or read that Google has a preferred word count?

Does your content actually answer the guestion that it promised to answer?

Do you have an exsting or Intended audence for your business or site that would find the content useful if they came directly to you?

Does your site have a primary purpose or focus?

Will someone reading your content leave feeling like they've had a satisfying experk and | d gh about a topic to help achieve their goal?
Does the provide st value when pared to other pages in search results?

Does the content provide original Inf I portl h, or ysis?

Does the content provide a I, \ or comp Ive d 1 of the toplc?

Does the content provide insightful analysis or | q info lon that is beyond the obvious?

If the content draws on other sources, does & avoki simply copying or ting those . and Instead provide substantial addith value and originakty?
Does the malin heading or page title provide a descriptive, helpful summary of the content?

Does the main heading or page title avoid exaggerating or being shocking In nature?

Is this the sort of page you'd want to bookmark, share with a friend, or recommend?

Would you expect to see this content In or referenced by a printed magazine, encyclopedia, or book?

Is It self-evident to your visitors who authored your content, do pages carry a byline, where one might be expectad?

Do bylines lead to further information about the author or authors Involved, giving background about them and the areas they write about?

If ion Is used to sub y content, Is the use of auto including Ak-g: self-aevident to visitors through disclosures or In other ways?
Are you providing background about how automation or Al-generation was used to create content (Iin case it was)?

Are you explaining why automation or Al was seen as usaful to produce content (in case it was)?

Does the content present information in a way that makes you want to trust it, such as clear sourcing, evids of the exp ved, ground about the author
or the site that publishes It, such as through links to an author page or a site’s About page?

If r hed the site p ing the content, would they come away with an impression that It is well-trusted or widely-recognized as an authority on Its topic?

Is this content written by an expert or enthusiast who demonstrably knows the topic well?
Is the content free from easily-verfied factual errors?

Does your content clearly d first-hand exp and a depth of knowledge (for example, expertise that comes from having actually used a product or
service, or visiting a place)?

Is the content free from spelling or stylistic issues?

Area

Helpfulness and People Satisfaction
Helpful and People facti
Helpful and People Satisfactl

Helpful and People Satisfacti
Helpfulness and People Satisfaction
Helpful and People Satisfact
Helpfulness and People Satisfaction
Healpful and People Satisfaction
Helpfulness and People Satisfaction
Helpfulness and People Satisfaction
Helpful and People Satisfacti
Helpful and People Satisfactl

Quality
Quality
Quality
Quality
Quality
Quality
Quality
Expertise and Expenence
Expertise and Expenence
Expertise and Experience
Expertise and Expenence

Expertise and Experience

Expertise and Expenence

Expertise and Expenence
Expertise and Expanence
Expertise and Expenence

Expertise and Expenence

Presentation and production

Was the content produced well, or does it appear sloppy or hastily produced? Presentation and production
:: z: ::::fi?o‘ nmoe(s:‘r;gduced by or outsourcad to a large number of creators, or spread across a large network of sites, so that individual pages or sites don't get as Presentation and production
Do pages have good Core Web Vitals? Page Experience
Are pages served in a secure fashion? Page Experience
Does content display well for mobile devices when viewed on them? Page Experlence
Does the content lack an of ads that distract from or Intecfere with the man content? | Page Experlenca
Do pages lack Intrusive interstitials or pop-ups? 'Page Experlence
Can visitors navigate 1o or locate the main content of your pages easily? Page Experlence
Is the page designed so visitors can easdy distingulsh the main content from other content on your page? Page Experlence

Expected

Answer
No
No
No

No

No

No

No

Yes
Yes
Yes
Yes
Yes
Yes
Yes
Yes
Yes
Yes
Yes
Yes
Yes
Yes
Yes
Yes
Yes

Yes

Yes

Yes
Yes
Yes

Yes

Yes
Yes

Yes

Yes
Yes
Yes
Yes
Yes
Yes
Yes
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audit semantics
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Semantic Content Audit Roadmap

X

{Title starts with the primary keywordJ

Popular and

Relevant Pairs of

Use Prominent,

Entity

Your website Topical Authority

-

11

Attribute

.

Noun

Verb/Predicate

Muhammad Hamid Khan &) -1st [ vowor
0 to 300,000+ Visitors / Month through <Semantic SEO/>

Lahore, Punjab, Pakistan - Contact info

Adjective

8,291 followers - 500+ connections

( Mihir Naik, Muhammad Qamar Shafique, and 308 other mutual connections

Providing services
Search Engine Optimization (SEO), Growth Marketing, Business Consulting, Strategic Planning, Technical Writin...
Show details
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X

[ Limited to specific keyword J

Covering all
angles of a query
network (query
semantics)

Covering all
relevant words
relations (lexical
semantics)

Sequential queries

Holonym

Correlative queries

Meronym

Query Context

Hypernym

Query paths

Hyponym

Query Augmentation Synonym
Represented Queries Antonym —
Representative Queries Polyseme \

Canonical queries Homonym

0O SERP Conf.



Topical Authority

Your website

Muhammad Hamid Khan «) - 1st [ vework

0 to 300,000+ Visitors / Month through <Semantic SEO/>

Lahore, Punjab, Pakistan - Contact info

8,291 followers - 500+ connections

g. Mihir Naik, Muhammad Qamar Shafique, and 308 other mutual connections

Providing services
Search Engine Optimization (SEO), Growth Marketing, Business Consulting, Strategic Planning, Technical Writin...

Show details

X

Repetitive content from the SERP

Responsive
Information

/'/ | "1' \
Unique o 1\
J I} " \
/ |
f |
Complete -——'/ /| ’ "
/"" ,"| |
’/ / ‘l
Relevant — /|
/ '
Reputed o™ / /
‘ Timely —
A
: -
‘ Accessible je—=
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X

Copying PAA from Google

Custom
Question
Generation
based on

All query angles (query semantics)
AND
Word relations (lexical semantics)

Representative Questions I\

|
I\ Prioritize attributes

le——"

Represented Questions

=S Boolean Questions
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X

Related keywords

Your website

Topical Authority

7

¥

Muhammad Hamid Khan 0 - 1st

3

Semantic Similar terms

Related search
activities
(frame
semantics)

:

Semantic Relevant terms

o [
0 to 300,000+ Visitors / Month through <Semantic SEO/>

Lahore, Punjab, Pakistan - Contact info

8,291 followers - 500+ connections

g. Mihir Naik, Muhammad Qamar Shafique, and 308 other mutual connections

Providing services

Search Engine Optimization (SEO), Growth Marketing, Business Consulting, Strategic Planning, Technical Writin...
Show details

@lazarinastoy // lazarinastoy.com // mlforseo.com

X

1-2% keyword density

N-grams

o
Co-occurrent words e

Collocations ==

L

Skip-gram dominant words [
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Build custom metrics

keyword density topic relevance query-content similarity (fuzzy
entity density matching, n-gram analysis)
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Evaluate performance and assign action

items to underperforming content

@lazarinastoy / lazarinastoy.com // mlforseo.com @) SERP Conf.



goals at this stage are pretty
straightforward
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I A I ‘ ‘ you need consistent evaluation criteria A

you need a system and process that
you can adapt for the website or
industry

simple forward-looking

don't over-complicate things design your process and system

unnecessarily here with the intention to hand the
insights to departments/ team
members, who will be
implementing

@ SERP Conf.



If/else logic = your bff at this stage
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build a
checklist with
best practices

A4

A

On-page
On-page
On-page
On-page
On-page

On-page
On-page
On-page
On-page

On-page

On-page
On-page

On-page
Meta Data
Meta Data

Meta Data
Meta Data

On-page

On-page

fx Areaof SEO

Area of SEO .l Check

URL
URL
URL
URL
URL

URL
Title
Title
Title

Title

Title
Title

Title
Meta Description
Meta Description

Meta Description
Meta Description

Conversion

Headings Copy & Format

@lazarinastoy // lazarinastoy.com // mlforseo.com

Acceptible Criteria

URL is clean from special characters
URL is lowercase

URL is unique

URL is short and descriptive

URL contains descriptive keywords
Spaces in the URL are replaced by dashes, no spaces are
contained in the final URL

Title is clean from special characters or emojis
Title is unique

Title is short and descriptive
Title is not over 80% similar to another title of a page on the
site

Title is allgined with the standard format per section

A title is present

Keywords are present in the title (main action, main value
proposition)

Meta Description is clean from special characters

Meta Description is unique

Meta Description is descriptive and enticeful

Meta Description is long enough to be visible in the SERP
(150-170 characters)

All call-to-actions on the page are clear and strong,
prompting the user to the desired conversion.

Titles are written based on the primary purpose of the
document. If a document is primarily a tutorial, but it has a
conceptual introduction, write a task-based title.

D

Unacceptible Criteria (flagged when)
Contains special characters

Contains uppercase characters

Is duplicate with other URL

Is too long (over 100 characters)
Contains stop-words (is, and, etc)

Contains spaces

Contains special characters or emojis
Is duplicate with other URL

Title is too long (over 70 characters)

Title is over 80% similar to another title of page on the website
Title is not allgined with the standard per section - autopopulated sections
have been deleted, proposed structure is not kept

A title is not present (empty title field)

Keywords are not present in the title (no context provided via the title of what
the page is about)

Meta Description Contains special characters

Is duplicate with other Meta Description

Meta Description contains boiler plate language and is not insightful of the
article

Meta Description is too long (over 170 characters)

All call-to-actions on the page contain boiler plate language or are too
generic (e.g. "Contact sales", or "click here")

Titles are mixed when considering the purpose of the page.




Translate eac
your check
conditional

e
A
Area of SEO

On-page URL

On-page URL
On-page URL

On-page URL
On-page URL

On-page URL

B
Check

URL is clean from special characters

URL is lowercase
URL is unique

URL is short and descriptive

URL contains descriptive keywords

Cc

Combined if/else Statement
if re.search(r'[*a-zA-Z0-9\-_./:]', url): 'Contains special characters'
else: 'URL is clean'
if url != url.lower(): 'Contains uppercase characters' else: 'URL is
lowercase'
if url in url_list: 'Is duplicate with other URL' else: 'URL is unique'
if len(url) > 100: 'Is too long (over 100 characters)' else: 'URL is
short and descriptive'
if any(stop_word in url for stop_word in stop_words_list):
'‘Contains stop-words' else: 'URL contains descriptive keywords'
if ' " in url: 'Contains spaces' else: 'Spaces are replaced by

Spaces in the URL are replaced by dashes, no spaidashes’

N item on
Ist into

if/else)

statements.
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A

Translate the
iIf/else statements
to code for your
platform of choice

-y
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Each assessment should have

a corresponding action item + responsible person/department
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Looker Studio dashboards (and custom
dimensions) can also be magical for
saving time for future audits

O
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apier can also be amazing for

automating integrations, or for setting up

automated notifications for
underperforming content
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implement-&Reviewimpaet Build a

prioritised list and organize deliverable
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what a good audit deliverable looks like to me:

immediately actionable

extensive and thorough

insightful

contextualized and relevant for multiple
stakeholder groups

promotes action

evokes immediate FOMO

@ SERP Conf.



...............................................................................................

Content Pattern Goes Here

V\iho should action
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Auto Fill Google Doc Template from Google Sheets
Data Using Google Apps Script
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Create integrations
between Google Sheets
and Google Docs to

automate any workflow

Start with email for free

Start with Google for free

WHEN THIS HAPPENS
New Spreadsheet

N2

1N AUTOMATICALLY DO THIS
Custom Actions (Beta)

N2

Endless possibilities




before | go...
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How often do you conduct content audits?

Vs

6%

33%

Twice a year

. Once ayear

. More than three times a year

. Never

. Once every 2-3 years
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your system

+ reduce,
reuse,
reimagine
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RESULTS

19 Better

make your process 1% better every time

a ¥y . an an
1 o ‘l.c O.'t.t_‘

TIME



ways to make it even better

e

Rank analysis SERP analysis Competitor Cross-platform User feedback
content audit opportunity (First party) for
& content gap analysis & content
Automated revisions
Content

Transformation
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what | do my website
. A \
seo@lazarinastoy.com

~

social handle

~

best way to get in touch
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here for deck and
step-by-step guide

what | do my website
. - \
JJel@llazarinastoy.com

~

social handle

~

best way to get in touch
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it S : : Machine Learning Tutorials

Straig

orward maching leaming tutecial

real machine leaming for Organic Search 88 tha TeaouETs YO 88, Ik Sing by

al for beginners. Start with

MLForSEQ.com
(launching soon)

Goery wahus Yoo Coauricaion

How to do Entity Extraction How to do Text

with Google's Natural Classification with Google's
Language APl in Google Natural Language APl in
Sheets (Apps Script) Google Sheets (Apps
...... e - 373054 Script)
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Machine Learning
Automation
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O Tranng o AP implenentitos Templanes fof aviry tnedsl
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ing platform created by L
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ard tempiates, and a range of codin
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20+ 0 The training platform for designed to
ambitious Search marketefs, ensuring you start your maching leaming journey on the right oot

Templates, guites, tutorials, and  ChatGPT “hacks”
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d for efficiency and effective
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